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Executive Summary 
Agentic AI has moved from experimentation to enterprise deployment, but fewer than 

1 in 10 organisations have successfully scaled it. While 79% report some AI agent 

adoption, only 11% are in production, and just 2% have deployed at scale. The gap 

between expectations and operational reality is significant. 

A recent survey projects that 40% of enterprise applications will include task-specific 

AI agents by year-end, up from less than 5% in 2025. However, over 40% of agentic 

AI projects are expected to be cancelled by the end of 2027 due to rising costs, 

unclear value or insufficient risk controls. 

This guide offers architectural blueprints, governance frameworks, and strategic 

playbooks to help CTOs and technical leaders navigate this critical period. Drawing 

on recent analyst research, production case studies, and emerging standards (MCP, 

A2A), it covers topics from multi-agent orchestration patterns to ROI measurement. 

Throughout this guide, we show how Vijan.AI, AaiNova’s enterprise multi-agent 

orchestration platform, addresses key challenges in moving from agentic AI 

experimentation to production deployment. Vijan.AI offers Agent Forge for custom 

agent creation, a curated Agent Marketplace, built-in governance, and coverage 

across six business functions and the full SDLC. 
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1. What Makes Agentic AI Fundamentally 
Different 
Before diving into architectures, enterprise leaders must understand a critical 

distinction. Agentic AI is not a better chatbot, nor a smarter RPA bot. It represents a 

paradigm shift in how software operates within organisations. 

 
Figure 1: Evolution from RPA to Traditional AI/ML to Agentic AI 

Traditional RPA follows a script: “Do these steps exactly.” It excels at high-volume, 

structured, repetitive tasks but breaks when interfaces change. Maintenance 

consumes 25-35% of the initial investment annually. Traditional AI/ML operates on 
statistical models: “Predict or classify based on patterns.” It delivers task-specific 

predictions but lacks the capability to plan or act. 

Agentic AI operates on a fundamentally different paradigm: “Achieve this goal 

however you can.” Agents perceive their environment, reason about it, plan 

multi-step approaches, maintain memory, and take actions using tools. They 

collaborate with other agents, escalate to humans, and adapt strategies in real time. 

Where RPA automates the how, agentic AI automates the what. 

This distinction matters for architecture because agentic systems require entirely 

new infrastructure layers: orchestration, memory management, tool registries, 

governance enforcement, and observability, which don’t exist in traditional stacks. 

Platforms like Vijan.AI are purpose-built to provide these layers as a unified, 

governed platform rather than requiring enterprises to stitch together fragmented 

open-source components. 

 

https://vijan.ai
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2. Multi-Agent Orchestration Patterns 
The single-agent paradigm is giving way to coordinated multi-agent systems. 

2.1 The Supervisor-Worker Pattern Dominates 
The most widely deployed pattern in enterprise settings uses a central supervisor 

agent that decomposes requests, delegates to specialised workers, monitors 

progress, and synthesises results. 

 
Figure 2: Supervisor-Worker Orchestration Pattern - the dominant enterprise pattern 

In production at Uber (agents for code migrations, reducing months to days), 

LinkedIn (95% accuracy NL-to-SQL), and Klarna (AI handling support for 85 million 

users, 80% faster resolution). Vijan.AI’s Agent Forge enables enterprises to 

implement this pattern with pre-built supervisor templates and specialised worker 

agents from the Agent Marketplace. 

 

 

 

2.2 All Orchestration Patterns 
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Figure 3: Six Multi-Agent Orchestration Patterns with Enterprise Selection Guide 

Sequential Pipelines execute tasks in a fixed order, which is best for compliance 

workflows.  

Parallel Fan-Out/Gather deploys agents in parallel to improve throughput. 

Hierarchical Delegation mirrors org structures for enterprise scale.  

Swarm patterns enable decentralised handoffs for real-time voice.  

Collaborative Debate uses critique cycles. Anthropic outperformed the single-agent 

by 90.2%. 

 

 

 

2.3 The Framework Landscape 
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Figure 4: Enterprise Platform & Framework Landscape — Vijan.AI alongside LangGraph, CrewAI, and 

cloud-native options 

While open-source frameworks like LangGraph and CrewAI provide powerful 

building blocks, Vijan.AI differentiates as a platform rather than a framework, 

combining agent creation (Agent Forge), a curated marketplace of pre-built 

enterprise agents, built-in governance with RBAC and audit trails, and a 

Bring-Your-Own-LLM, model-agnostic approach. This means enterprises get 

production-ready agent orchestration without having to assemble governance, 

observability, and security from separate tools. 
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3. Reference Architecture: The Six-Layer Stack 
Synthesising reference architectures from every major cloud provider and consulting 

firm, a production enterprise agentic AI stack requires six distinct layers. 

 
Figure 5: Six-Layer Enterprise Reference Architecture — Vijan.AI spans the orchestration layer 

The Infrastructure Layer provides compute and model serving (AWS Bedrock 

AgentCore, Azure AI Foundry, GCP Vertex AI).  

The Data Layer encompasses vector databases, RAG pipelines, and semantic 

caching.  

The Orchestration Layer is where Vijan.AI’s Agent Forge operates and manages 

workflow engines, agent coordination, state management, and human-in-the-loop 

checkpoints. 

The Agent Layer hosts individual agents with reasoning engines and multi-tier 

memory (short-term, working, long-term, episodic).  



Enterprise Architecture Guide to Agentic AI Systems (2026) 
 

The Tool & API Layer connects agents to enterprise systems via MCP and A2A 

protocols.  

The Governance Layer spans all others, enforcing guardrails, audit trails, and 

compliance. 

Vijan.AI’s architectural advantage is that it provides the orchestration, governance, 

and agent marketplace layers as a unified platform with built-in RBAC, encryption at 

rest and in transit, comprehensive audit trails, and custom guardrails and addressing 

the governance gap that plagues enterprises stitching together open-source 

components. 

3.1 Model Selection Strategy 
Roughly 50% of enterprises rely solely on commercial models, 30% mix commercial 

and open-source, and 20% use fully open-source. The best practice is model 
routing, i.e. routing queries to different models based on cost and complexity. 

Vijan.AI’s BYOLLM (Bring Your Own LLM) approach directly supports this: 

enterprises integrate their preferred models with seamless switching, optimising for 

both performance and cost without vendor lock-in. 
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4. Enterprise Governance & Guardrails 
Only 1 in 5 companies has a mature governance model for AI agents, while 42% 

are still developing their agentic strategy, and 35% have no formal strategy at all. 

This governance gap is the single largest risk factor. 

 
Figure 6: Governance & Guardrails Framework with Vijan.AI’s built-in controls 

4.1 Human-in-the-Loop as Architecture 
The Singapore Model AI Governance Framework for Agentic AI, the world’s first 

state-backed governance framework for agentic AI, mandates human approval at 

key stages. Best practice dictates a graduated approach to autonomy:  

Level 0 (suggest only) 

Level 1 (act with approval) 

Level 2 (post-hoc review) 

Level 3 (fully autonomous with guardrails).  

Most enterprise use cases in 2026 remain at Levels 0-1. 
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4.2 Security Threats Are Escalating 
Prompt injection ranks #1 on the OWASP Top 10 for LLM Applications 2025, with 

attack success rates reaching 84% in agentic systems. Some organisations have 

deployed dedicated defences. The architecture must be defence-in-depth: input 

validation, context isolation, output verification, tool-call validation, least-privilege 

permissions, and runtime monitoring. 

Vijan.AI addresses these risks through its governance-first architecture: role-based 

access controls ensure agents operate within defined permission boundaries, 

comprehensive audit trails provide full trajectory logging for every agent action, data 

isolation with encryption protects sensitive enterprise data, and custom guardrails 

enable organisations to define responsible AI policies specific to their regulatory 

requirements. 

4.3 Regulatory Landscape 
Voluntary standards today become regulatory expectations tomorrow. AaiNova’s ISO 

27001 certification and Vijan.AI’s built-in compliance controls provide enterprises 

with a head start on these evolving requirements. 
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5. Vijan.AI: Bridging the Enterprise Agentic AI 
Gap 
The data is clear: enterprises need agentic AI capabilities, but the path from 

experimentation to production is littered with failed projects, governance gaps, and 

cost overruns. Vijan.AI, built and powered by AaiNova, is purpose-designed to 

bridge this gap as an enterprise multi-agent orchestration platform. 

 
Figure 7: Vijan.AI Platform Architecture — Agent Forge, Marketplace, and Cross-Enterprise Coverage 

5.1 Four Architectural Pillars 
Model Agnosticism (BYOLLM): Vijan.AI supports a Bring-Your-Own-LLM approach 

with seamless model switching, allowing enterprises to integrate preferred large 

language models or use defaults. This directly addresses the model routing best 

practice. Organisations can route different agent types to different models for optimal 

cost-performance tradeoffs. 

Governance-First Design: Unlike open-source frameworks, where governance is 

bolted on after the fact, Vijan.AI embeds role-based access controls, comprehensive 

audit trails, data isolation with encryption at rest and in transit, and custom guardrails 

for responsible AI. Every agent action is logged, traceable, and auditable. 

Simplicity That Scales: The platform serves three distinct personas: 
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●​ developers who refactor code and build faster 

●​ testers who generate and analyse tests 

●​ business users who query data and strategise, enabling adoption across 

technical and non-technical teams alike. 

Cross-Enterprise Coverage: Rather than point solutions, Vijan.AI provides a single 

platform spanning six business functions (Sales, Marketing, Support, HR, Finance, 

Operations) and the full software development lifecycle (requirements through 

deployment). 

5.2 Agent Forge: From Idea to Production 
Agent Forge is Vijan.AI’s primary interface for creating and deploying custom agents. 

Built-in templates include 400+ Agentic AI Systems. Custom agents can be built 

using the platform’s no-code and pro-code interfaces. 

5.3 Agent Marketplace: Pre-Built Enterprise Intelligence 
The Agent Marketplace provides a curated library of pre-built, rated agents that 

accelerate time-to-value. This marketplace model mirrors the enterprise app store 

pattern that organisations already understand from platforms like Salesforce 

AppExchange. 

5.4 Full SDLC Acceleration 
For technology teams, Vijan.AI accelerates every phase of the software development 

lifecycle. Requirements capabilities include natural language elicitation and 

automated BRD/FRD creation with traceability. Development capabilities span 

prompt-based code generation, intelligent refactoring, and large-scale modernisation 

of codebases. Quality capabilities cover automated test generation, AI-assisted 

defect triage, and automated schema mapping for data migration. 

5.5 Enterprise Credentials 
Vijan.AI is backed by AaiNova’s established enterprise track record: 7+ years of 

delivery experience, ISO 27001 certification, 100+ global clients, including 

Mamaearth, Dabur, and Mondelez, and authorised partnerships with Microsoft, 
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Google, AWS, and Zoho. This foundation provides the enterprise credibility that 

pure-play AI startups cannot offer, particularly in regulated industries such as BFSI, 

telecommunications, energy, and retail.  
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6. ROI & Business Case Framework 
Enterprise buyers now demand P&L-connected ROI. A 2026 survey of 830 IT 

decision-makers found that the direct financial impact nearly doubled, from 11.7% to 

21.7%, as the primary metric. 

 
Figure 8: ROI Framework with Verified Case Studies, TCO Model, and Cost Optimisation Levers 

BCG finds early adopters report $3.70 in value per dollar invested, with top 

performers achieving $10.30 per dollar. 15.8% revenue increase and 15.2% cost 

savings on average. 78% of companies use generative AI, but fewer than 10% have 

successfully scaled agents. 

The “inference paradox” is critical: token prices fell ~280-fold from 2023 to 2025, 

yet total inference spending grew 320%. A single agentic request triggers 5-20 

model inferences, making systems 10-20x more expensive than chatbots.  

Vijan.AI’s BYOLLM model routing helps enterprises control this, the #1 budget driver, 

by enabling tiered model selection and seamless switching to optimise 

cost-per-outcome. 
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Vijan.AI’s unified platform approach reduces TCO by eliminating the integration 

overhead of assembling governance, observability, and orchestration from separate 

tools. 
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7. Integration Protocols: MCP & A2A 

 
Figure 9: MCP and A2A Integration Protocols with Enterprise Implementations 

MCP (Model Context Protocol), introduced by Anthropic and now under the Linux 

Foundation, has achieved 97M+ monthly SDK downloads. It eliminates the N×M 

connector problem. Once a tool speaks MCP, any compatible agent can interface 

with it.  

A2A (Agent-to-Agent Protocol), launched by Google and supported by 150+ 

organisations, enables cross-vendor agent discovery and collaboration. MCP 

handles agent-to-tool communication; A2A handles agent-to-agent. Enterprise 

architects should adopt both. 

Vijan.AI’s model-agnostic architecture naturally supports integration with both 

protocols, and its Agent Marketplace provides pre-built connectors for common 

enterprise systems, thereby accelerating the integration layer that typically 

consumes 30-40% of agentic AI project timelines.  
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8. Ten Anti-Patterns Destroying Enterprise 
Projects 

 
Figure 10: Ten Anti-Patterns with Problems and Solutions 

Agent sprawl tops the list. Siloed, duplicative agents without strategy. Vijan.AI’s 

centralised Agent Forge and Marketplace directly counter this by providing a single 

registry with documented purposes, owners, and KPIs.  

Over-autonomy is addressed through Vijan.AI’s custom guardrails and graduated 

permission models. 

The governance afterthought anti-pattern is perhaps the most dangerous. 35% of 

organisations have no formal agentic strategy. Vijan.AI’s governance-first 

architecture makes audit trails, RBAC, and compliance controls available from day 

one.  

The demo-ware trap (30% exploring, 38% piloting, only 11% in production) is 

addressed by Vijan.AI’s pre-built marketplace agents, which provide 

production-ready starting points rather than blank-canvas experimentation. 
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9. Scaling Agentic AI in Production 
Production scalability introduces challenges that traditional engineering doesn’t 

address. Rate-limiting compounds: 15 agents at 10 RPS generate 150 aggregate 

RPS, exceeding API limits. Solutions include LLM gateways with token-aware 

limiting, hierarchical budgets, and multi-provider failover. 

Semantic caching is the highest-leverage optimisation,  cached responses return in 

~5ms, compared to 2-second LLM calls, reducing redundant API calls by 30-50%. 

Paired with model cascading, prompt compression, and RAG-based context 

reduction, organisations achieve 30–80% cost savings at scale. 

For testing, a three-layer evaluation is recommended:  

●​ LLM layer (accuracy, hallucination) 

●​ single-agent layer (tool selection, task completion) 

●​ multi-agent system layer (coordination, end-to-end success).  

Vijan.AI’s Agent Tracker provides the observability foundation for this by monitoring 

agent behaviour, performance, and compliance across all deployed agents. 
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10. Strategic Roadmap: Next 24 Months 

 
Figure 11: 24-Month Strategic Roadmap with Vijan.AI as the Enterprise Platform Foundation 

10.1 Immediate (2026) 
Establish governance as a prerequisite. Start with high-value, low-risk use cases 

(customer service, IT operations, knowledge management). Deploy Vijan.AI as the 

enterprise agent platform to provide immediate governance, orchestration, and a 

marketplace of production-ready agents. Adopt the MCP and A2A protocols to avoid 

vendor lock-in. Pilot 2–3 use cases and measure rigorously. 

10.2 Medium-Term (2026–2027) 
Redesign workflows end-to-end rather than automating existing ones. Scale the 

Agent Marketplace adoption across business functions. Implement full observability. 

Follow BCG’s 10/20/70 rule: 10% algorithms, 20% technology, 70% people and 

processes. Build internal AI engineering competency. 

10.3 Strategic (2027–2028) 
Prepare for multi-agent ecosystems spanning organisational boundaries. Plan for 

agent-to-agent commerce. 90% of B2B buying will be AI-agent intermediated by 

2028, affecting $15 trillion in spend. Expect 38% of organisations to have AI agents 

as team members. 
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11. Conclusion 
The enterprise agentic AI landscape of 2026 is defined by productive tension 

between extraordinary potential and hard-won operational realism. The technology 

works, and companies have proven that at scale. The economics are favourable, 

$3.70 to $10.30 per dollar invested for top performers. The standards are emerging 

with MCP and A2A to create the interoperability layer that enterprise systems 

demand. 

But the path from pilot to production remains long. Operational costs represent 

65-75% of total three-year spending. The inference paradox means scaling agents 

can blow up budgets without disciplined model routing. Governance is not optional 

when agents autonomously access data, make financial decisions, and interact with 

customers. 

The organisations that capture disproportionate value treat agentic AI as an 
operating model transformation, not a technology deployment. They redesign 

workflows, implement governance before scaling, invest heavily in observability, and 

build for composability with open standards. 

Vijan.AI, powered by AaiNova, provides the enterprise platform that makes this 
transformation achievable by unifying agent creation (Agent Forge), curated 

deployment (Agent Marketplace), production governance (RBAC, audit trails, 

encryption, guardrails), cross-enterprise coverage (six business functions plus full 

SDLC), and model flexibility (BYOLLM) into a single platform purpose-built for 

enterprise-grade agentic AI. 

The window for strategic advantage is narrowing. With 40% of enterprise 

applications incorporating AI agents by year’s end, the question is no longer whether 

to deploy agentic AI but whether your architecture, governance, and organisational 

readiness can support it at the speed the market demands. 

http://vijan.ai
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